"‘:’1 Animal Production Research

% Vol. 11, No. 4, 2022 (37-46) T

_ Oy doi: 10.22124/AR.2023.22447.1711

S B 2 cISSN: 2538-6107 pISSN: 2252-0872 Univensity of Gullr
RESEARCH PAPER OPEN ACCESS

Genetic evaluation of the number of services per conception with
and without censored data in Iranian dairy cows

M. Atapour!, M. Razmkabir?*, M. Mokhtari?

1. Former MSc Student, Department of Animal Science, Faculty of Agriculture, University of Kurdistan, Sanandaj, Iran
2. Associate Professor, Department of Animal Science, Faculty of Agriculture, University of Kurdistan, Sanandaj, Iran
3. Associate Professor, Department of Animal Science, Faculty of Agriculture, University of Jiroft, Jiroft, Iran

(Received: 09-06-2022 — Accepted: 05-11-2022)

Introduction: The profitability of dairy cattle herds mainly depends on the reproductive performance of cows.
Because reproductive performance is effective on the amount of daily milk and calf production per cow, increasing
the number of inseminations per conception, lengthening the calving interval in the herd, and causing the voluntary
(due to the age of the animal) and involuntary (due to illness or fertility disorders) elimination. For evaluating
fertility traits, we sometimes come across domains whose records were incomplete at the time, out of range, or
delayed. These records are called censored records. The typical way to deal with such records is to delete them
from the data set. However, this reduces the information available for genetic evaluation and may affect trait
variance by masking actual genetic differences between animals. Another way is to use appropriate statistical
methods to place censored records in genetic evaluations. The use of censored records in genetic evaluations
yields more reliable genetic parameters, and it can increase the estimation accuracy of breeding values giving the
support that the breeding value estimation is close to the true breeding value. The present study aimed to
investigate the role of censored records in the estimation of genetic parameters of the number of inseminations
per conception in Iranian dairy cows.

Materials and methods: The dataset included 29621 records collected from 2005 to 2019 by the Vahdat
Cooperative of Isfahan in Iran. FoxPro software (version 9.0) was used to edit and prepare data, remove incorrect
records and create contemporary groups. Five animal models, including Threshold Model (TM), Penalty Model
(PM), Modified Penalty Model (MPM), Threshold-Threshold Model (TTM), and Modified Threshold-Threshold
Model (MTTM), were used for the genetic evaluation of this trait. The predictive ability of the models was
assessed using cross-validation. Also, a simulation study was performed to determine the appropriate model.
Results and discussion: The estimated heritability using different models was 0.3 (0.013), 0.07 (0.013), 0.07
(0.013), 0.3 (0.13), and 0.4 (0.012) for TM, PM, TTM, MPM, and MTTM, respectively. The highest correlation
of breeding values for all animals was between MPM and TM (0.98). The same result was obtained for the best
sire (sire with at least 20 daughters). The high correlation shows that these models work similarly in selecting the
best sires. The low correlation between models indicates that the models rank sires differently. Therefore, the
choice of model can affect the ranking of males. The top 10 sires showed less correlation between models than
the active sires. When the number of males decreases, the selection becomes more strict. The prediction accuracy
in models with censored records is higher than in models without censored records because the use of models that
include censored records is due to the increased information about the trait, and the absence of bias due to deleting
records improves the accuracy of estimating breeding values. Consequently, if the censoring status is not taken
into account, animals with superior breeding values may be biased. The low ratio of common superior animals in
different percentages between models showed that these two models rank the animals differently. Still, the high
proportion of common superior animals indicates the similarity of the two models in choosing the best animals.
So, model selection can be effective in ranking superior animals because when the censored record is used, the
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information is increased and the situation would be closer to reality. The cross-validation showed that the accuracy
of the breeding value prediction by different models was higher in models with censored records than in models
without censored records. The results of the simulation study showed that the models with censored records
provided better genetic parameter estimates. TTM has been able to estimate expected heritability better than other
models. The percentage of top animals in common between the top 10 and the top one percent of simulated animals
with different models showed that the ability of the TTM model to select real top animals is more than other
models, which shows that this model has identified top animals better.

Conclusions: The results of the present study showed that the censored records are important for estimating the
genetic parameters of the number of inseminations per conception in Iranian dairy cows and ignoring those led to
a biased estimation of the parameters. Data simulations also showed that using censored records provided more
realistic genetic parameter estimates.
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Table 1. Pedigree structure used in this study

Item Number
Total population 121856
Inbred animals 90085
Number of sires 3267
Number of dams 70213
Average family size 2.03
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Table 2. Descriptive statistics of the number of inseminations per conception

Item N Min Max Mean SD
Uncensored records 28401 1 5 1.59 0.93
Censored records 1220 6 10 7.2 101.3

JUb sl (ol ()] el (Ko 5 (a8 (VL) Sllge> 5 (>l (5] gy (Ko =T Ju
Sl 2 (gl o 051 (SD) (623328l 5 chlises slo e o Gl S5-I 5 sloys o yo Ve g 48 ()
(s s9)) baJoe

Table 3. Pearson correlation of all animals’ breeding value (above diagonal) and Spearman correlation of
active sire breeding value (below diagonal and top 10 sires in parentheses) between different models and
estimated heritability (SD) for each model (on diagonal)

Model' ™ PM TTM MPM MTTM
™ 0.03(0.013) 0.79™ 0.717 0.98™ 0.79™
PM 0.797(0.36™) 0.07(0.013) 0.97" 0.90" 0.96"
TT™ 0.66™(0.29%) 0.91"(0.90) 0.07(0.013) 0.83" 0.96”
MPM 0.98(0.96™)  0.887(0.55)  0.76"(0.47™) 0.03(0.013) 0.89
MTTM 0.757(0.41™)  0.917(0.84)  0.917"(0.84™) 0.82"(0.57") 0.4(0.012)

1: TM: Threshold Model, PM: Penalty Model, MPM: Modified Penalty Model, TTM: Threshold-Threshold Model, MTTM:
Modified Threshold-Threshold Model. ** : P<0.01
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Table 4. The ratio of common animals between models in 1% (above diagonal) and 10% (below diagonal) of
best animals and accuracy of predicted breeding value (SE) for total animals (on diagonal)

Model! ™ PM TTM MPM MTTM
™ 0.25(0.0002) 0.36 0.32 0.86 0.35
PM 0.58 0.36(0.0003) 0.87 0.45 0.16
TT™M 0.53 0.88 0.37(0.0003) 0.41 0.77
MPM 0.87 0.71 0.65 0.28(0.0003) 0.43
MTTM 0.57 0.84 0.84 0.69 0.34(0.0003)

I TM: Threshold Model, PM: Penalty Model, MPM: Modified Penalty Model, TTM: Threshold-Threshold Model, MTTM:

Modified Threshold-Threshold Model
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Table 5. Cross validation of the used models

Model! MSE? r(v.,9)°
™ 5.82 0.29
PM 4.46 0.58

TT™M 5.74 0.59
MPM 4.55 0.36
MTTM 4.53 0.36

! TM: Threshold Model, PM: Penalty Model, MPM: Modified Penalty Model, TTM: Threshold-Threshold Model, MTTM:

Modified Threshold-Threshold Model
2 Mean Square Error

3 Correlations between observed and predicted phenotypes



N FV-F£) VF ) ol e oyledp b Jd sols Slaggs liios

WS 50 el 00,5 Slelis g 1) 5 Slles Jos

Sl oo plos 4 s (5500 Joo TTM
soile s y5S T, as ol lis asdllas oyl 5l ol> s
@AJ.J 5oolows Co ;g...u) Lgl.hw H ‘)5 ‘>)9>|)'f » ol
Sy9lp e gl Bis g Wil B ] & e

wlize gloJoo (iomis baiye mls (gilodd mlo
$LI 7 Jgoz 5o oad giluand glaazinl o 9l, 50
™ Jow «om8ly cpdcdlyy oyl j0 cal oai
doys b blae ple 4 cod 1) ollg o S
3y 5 p Slle s TM Jow (o S tie 5 Sy
TM Jaw a0 o jlis aS 0 eS o Jow plo 4y cos

oo las 3 ooy (gilwdpds 0gub g0 brasiwl 3 .y )l 0 gl 8,65, gl glaon (S sbay wiS

3 e TTM ool TM Jow 4y Cad (6 50 o ,Ses

650)5—‘)». w0ads el (gloo,eS, 5l eolanwl oS
‘s”é)dé 9 ,SM"‘ 3y

oML 23158 L s gl Sl iy s ,l05l5 )

Iy (Golwads glp ool a8 3 Jlas o gpducdlyy)
9 dwoy0 \ - Oy oS o g QUIW doyd s 3)5Tﬁ
3 Sadse b oad siluaed Slls 5n wop S
D 'L> 29 s‘l.ud.) 6[900‘&
oo (S0 9 Shadty ? slapls Gl 3 TTM Juwe SUlgs a5 ols olis cals

0 (& 5lwacds sldaminl 3 5,95 o calites slo Jos ioww —F Jgax
Table 6. Evaluation of different models in estimating simulated parameters

Parameter Model

™ PM TTM MPM MTTM
Heritability 0.21(0.012) 023(0.013)  024(0.012) _ 0.22(0.011) 0.22(0.011)
Correlation 0.91™ 0.94™ 0.99™ 0.96™ 0.95™
Active sire 0.95™ 0.99™ 99.0™ 0.95™ 0.97*
correlation
Top 10% 41.3 90.3 93.1 51.04 72.2
Top 1% 21.8 61.4 63.5 60.03 61.06
Accuracy 0.73(0.0002)  0.76(0.0002)  0.77(0.0002)  0.73(0.0002) 0.74(0.0002)

I TM: Threshold Model, PM: Penalty Model, MPM: Modified Penalty Model, TTM: Threshold-Threshold Model, MTTM:
Modified Threshold-Threshold Model
*%: P<0.01
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